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New drug research and development driven by artificial intelligence technology

CEN Feifei', CHEN Liang?
1. School of Biomedicine, Leshan Vocational and Technical College, Leshan 614000, China; 2. Chengdu Brilliant Pharmaceutical Co.,
Ltd., Chengdu 610095, China

Abstract: The technologies such as deep learning and machine learning enable the rapid screening for potential drug
candidate molecules and the prediction of their interactions with biological targets. Additionally, artificial intelligence
exhibits great potential in drug design, synthesis pathway planning and clinical trial data analysis, and is expected to shorten
the time from laboratory to market for new drugs and reduce research and development costs. Herein the study reviews the

application of artificial intelligence technology in new drug research and development, explores the challenges it faces, and

discusses the future development directions.
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