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A review of medical image enhancement methods

SHANGGUAN Hongting', LIU Yuhong"?
1. Department of Biomedical Engineering, Chengdu Medical College, Chengdu 610500, China; 2. School of Life Science and
Technology, University of Electronic Science and Technology of China, Chengdu 610054, China

Abstract: The purpose of medical image enhancement methods is to obtain the optimized medical images through image
enhancement, thereby helping to obtain more detailed information from the images, further making more objective diagnosis
and formulating more comprehensive treatment plants, which will improve the accuracy of clinical diagnosis to a certain
extent. After introducing the widely used medical image enhancement methods, including traditional image enhancement
methods, improved image enhancement methods, combined image enhancement methods and deep learning methods, their
principle, advantages and disadvantages are analyzed and summarized. Finally, it is pointed out that image enhancement
methods should be combined while retaining their advantages and emphasizing simplification and efficiency to effectively
improve the image quality and enhance the applicability.
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Figure 1 True original ultrasound image of pregnancy and its

enhancement image by histogram equalization
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Figure 2 Images processed with adaptive histogram equalization
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Figure 3 Comparison of enhancement results
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Table 1 Evaluation indicators for enhancement methods
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Figure 4 The original image and the image enhanced with Retinex

method
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