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Use of permutation wavelet entropy to evaluate EEG burst suppression
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Abstract: From the perspective of nonlinear dynamics, the permutation entropy of electroencephalogram (EEG) signal is
calculated, and then the wavelet entropy of the obtained permutation entropyis calculated to obtain a new parameter, namely
permutation wavelet entropy (PEWE), for quantifying the burst suppression level of EEG signal. The results show that in the
test of 4 cases of data, the correlation coefficient between PEWE and SR index output by the BIS module is 0.942 5,
indicating that PEWE can be used as a measure to quantify the burst suppression level of EEG signal, which provides a new
idea to evaluate EEG burst suppression.
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Figure 1 EEG signal in the awake state for 60 seconds (a), the
calculated PE sequence (b) and RWE of the PE sequence (c)
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Figure 2 EEG signal in the deep anesthesia state for 60 seconds (a),
the calculated PE sequence (b) and RWE of the PE sequence(c)
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Figure 5 Scatter plots of PEWE and SR (a) and PEWE
and BIS (b) in 4 cases of data
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