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Advances in pulmonary parenchyma segmentation based on computed tomography image
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Abstract: The precise segmentation of pulmonary parenchyma in chest-computed tomography image, an important step for the
diagnosis and treatment of pulmonary diseases, restricts the wider application of computer-aided detection in the diagnosis of
lung diseases. In recent years, pulmonary parenchyma segmentation has been greatly improved. Herein, we summarize the
advances in the 5 processes of lung segmentation, including preprocessing, coarse segmentation, accurate segmentation, separation
of left and right lung, border correction, and finally provide a prospect for the development of pulmonary parenchyma

segmentation.
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b: Image after FFCM

c: Image after thresholding d: Result of segmentation

FFCM: Fast fuzzy C-means clustering
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Fig.1 Images after FFCM and thresholding
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b: Result of manual

a: Result of morphological

expansion 3D region growing segmentation
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Fig.2 Results of morphological expansion 3D region growing and

manual segmentation
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a: Adhesion of left and right lung

b: Position of adhesion site
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c: Result of left and right lung separation
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Fig.3 Left and right lung separation in computed tomography image
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