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Segmentation Algorithm for Irregular Noise Tissue Based on Sequential Signed Euclidean

Distance Transform

ZHANG Shuo, YUAN Ke-hong
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Abstract: Objective In the field of medical image processing, there often remains much irregular noise tissue due to the project
design, the algorithm or other reasons. By studying morphological features of irregular noise tissue, we propose a new method
to quickly remove noise tissue and provide a fresh idea for noise removal field. Methods In this paper, we, for the first time,
apply distance mapping to the field of noise tissue removal. The use of signed sequence Euclidean distance transform (SSED)
enables fast identification and removal of various irregular noise tissue, while simultaneously ensures the complete target region
of interest. Results Our method has been tested by 12 groups of actua clinical cardiac CT sequences, and it segments fast and
accurately, at the same time smooths the edge of region of interest. Conclusion The method is more precise and effective than
other methods like morphology and skeleton extraction, and it provides a well assistance for the diagnosis of clinicians as well

as greatly improves the efficiency and robustness of irregular noise tissue segmentation.
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Fig.1 Local Geometric Features of Noise Tissue
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Fig.4 Comparison Results of Our SSED Method and the Existing Algorithms
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