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Abstract: Considering that the common methods for assessing the depth of anesthesia generally have some limitations, a

gated recurrent unit (GRU) -based multimodal anesthesia depth assessment method is proposed in the study. A total of 20

cases of clinical data are collected for verification and analysis, and it is found that the value output through GRU network is

close to bispectral index value, with small difference and high correlation. The proposed method is proved to have a better

performance in assessing the depth of anesthesia.
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Fig.1 Gated recurrent unit (GRU) model structure

T GRU 1Y) 22 H50 25 bR IR % B VAL v, An &l 2 e
IR o il X EEG {5 5 4 WAL BRI T 3R & 43 M, 118

44 0.5.0.p.BetaR . EMG . SEF Z 5 ("', # ik
H EEG {55115 th 2408 5 T 2515 2 b R 2454 2%
R K B F AT Borp P AR B AR AR R
GRU fif A S %4, il 14 GRU W 4% )5 Bt — A~ PEA7 SRR e
RE e 4.

ZiBERRES

{ESHTE

|

hEEAE S

=

GRU (| 1EHEHET)

cfi
it
i
23
i
&

RHEBREH

.

R -

2 ZRESHBERERE

Fig.2 Algorithm for multimodal anesthesia depth assessment
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Fig.3 Comparison between anesthesia depth index output

by GRU and bispectral index
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