$37% S
- 1350 - 20204F 117

] B IR 2
Chinese Journal of Medical Physics

Vol. 37 No.l11
November 2020

DOI:10.3969/.issn.1005-202X.2020.11.002

BT ARE A SR T AR R

e T T |
JE TR EF B s 56— B g ey B, 4w 1T 361000

E F 5t 3E

[(BE]LFANB T A T Rt 35008 77 5K (KBRT) 48 X A 4= KBRT # R 69 F 7 ik, & EA-LB T KBRT P a9 454045
RENBAENEFT LGB, MG EMT %4 KBRT A& % 45 752057 7 69 5 R Bost T 7) 2 5230 0 A7 o 6 2tk |
KBRT B A6 % S e B BHAL G BT A K KBRT 5 % #5507 R ARAE SFAARAE . LFE4 B T KBRTHEAZILH-BL
& 2| o4 P M A bk B, M itk — 3 T KBRT EA G AT R T 69 K7 &), 5 5P KBRT £ % o & AF | B3 a7 AR
B 3] Ty B Y RN 55 A R i AR T T ik

[R5 | & T2t a9 e T R ARG MR F T AT H L 4238

[FhE S22 ]R815 [ XEkiRET]A [32E45)1005-202X(2020)11-1350-06

Research on knowledge-based radiation therapy

CHEN Sijia, SHI Liwan, LIN Qin
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Abstract: This paper introduces the related concepts of knowledge-based radiation therapy (KBRT) and the implementation
methods of KBRT technology, with emphasis on the featured retrieval method in KBRT and its application in machine
learning. This paper then reviews some research hotspots such as the current application of KBRT in different kinds of tumor
radiotherapy, the improvement of dosimetric evaluation standards, the study of related parameters and outliers of KBRT
model, and the combination of several radiotherapy technologies. This paper also points out the problems and challenges
encountered in the current stage of KBRT technology, thus further suggesting the development direction of KBRT in future

research and discussing the related topics such as KBRT in multicenter cooperation, adaptive radiotherapy and in-depth study

of machine learning methods.
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